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ABSTRACT
In many high-stakes domains, such as healthcare and aviation, checklists have had significant, positive
impacts. However, checklists may be inappropriate when used as compliance-oriented memory aids
in domains where the actions and decisions of stakeholders are contingent on and situated within
particular sociocultural contexts, such as the ethical development and deployment of AI systems. In
this paper, we therefore draw inspiration from the role that checklists play in the construction industry,
where they are used to make sure that stakeholders communicate with one another. We study how
checklists can serve as “values levers” in enabling and structuring conversations about ethics, as well
as more specific concepts, such as fairness, when developing and deploying AI systems. To do this, we
use data from 48 practitioners who were previously involved in co-designing an AI fairness checklist.
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INTRODUCTION
AI systems are increasingly ubiquitous, even in high-stakes domains such as education, employment,
and healthcare. Although AI systems have the potential for positive impacts, they can also reproduce
or amplify societal inequities and cause other harms [25]. To mitigate these (and other) risks, numerous
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Figure 1: Construction checklist excerpted from Forbes and Ahmed [10].

“Even in a room of people who all
really care, the fact that thinking about
fairness isn’t part of the process isn’t
good, because we always have more
‘important’ priorities than we have time
and resources. We have so much on our
plates, and the first things to go are the
ones that aren’t official processes. So
it doesn’t matter what good intentions
people have. If accounting for fairness is
not a core part of the feature development
process, it’s not going to get done to the
level of quality as things that are.” (P17)

private- and public-sector organizations have published principles intended to guide the ethical development and deployment of AI systems (see Jobin et al. for a review [19]). However, even with these
principles in place, AI practitioners report that fairness issues affecting their systems are often only discovered after deployment [17]. As a result, some organizations have developed checklists (e.g., [22]) intended to help teams anticipate and address ethical issues, including fairness issues, during the development and deployment process. These checklists (e.g., [3, 7, 9, 16, 18, 22, 34]) appear to draw inspiration
from checklists in software development (e.g., [4, 8, 14, 35]; see [2] for a review) and in other domains,
such as healthcare (e.g., [15, 20]) and aviation (e.g., [5, 6]). Many of them seem to have been designed to
serve as compliance-oriented memory aids, in which the ethical development and deployment of AI systems is framed as a sequence of discrete technical actions to be completed by individual practitioners.
In practice, however, AI systems are developed and deployed via a collaborative, negotiated process,
involving multiple stakeholders on the same and different teams [26, 27]. Moreover, the decisions that
practitioners make throughout this process, which shape the resulting systems, are contingent on and
situated within particular sociocultural contexts. These contexts give rise to numerous “micro-ethical”
decisions that cannot be specified in advance, yet whose cumulative impacts can be significant [33].
Given the collaborative, negotiated, and contextual nature of the AI development and deployment process, a more relevant source of inspiration might be the checklists found in domains where stakeholders’
perspectives are situated within broader contexts, such as the construction industry. In these domains,
checklists do not serve as compliance-oriented memory aids, but instead prompt and guide critical conversations between stakeholders [10, 13, 28, 32]. As Gawande puts it, “[the checklist] didn’t specify construction tasks; it specified communication tasks” [13]. Indeed, even in domains where checklists are
primarily used as memory aids, they have also been shown to be effective in “getting teams to talk” [21].
To better understand the role that checklists might play in the ethical development and deployment
of AI systems, we previously co-designed an AI fairness checklist with 48 practitioners from 12
technology companies, using a co-design process to identify desiderata and concerns for AI fairness
checklists in general [23]. Via an inductive thematic analysis approach, we found that practitioners felt
that organizational culture, including incentives, inhibited them from advocating for and addressing
fairness issues, and that checklists could provide organizational infrastructure for supporting their
efforts (see quote from P17 in the sidebar). However, we also found that practitioners were concerned
that checklists might lead to compliance-oriented, procedural thinking about fairness, potentially even
incentivizing teams to prioritize superficial technical actions over deeper engagement. In this paper,
we revisit the data from our co-design process to specifically identify themes around the ways that AI
fairness checklists might prompt and guide critical conversations between stakeholders (cf. [13, 21, 28]).
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FINDINGS

“On our team this [points at Prototyping
phase of fairness checklist] is all done
by the engineering team. We might have
some input but, I think we’re always kind
of fighting for a seat at the table to be
honest. We have engineering that works
kind of separately, so we try to do this
and I’m sure that they try to do this as
well, but I’m just saying I think if we were
to work together a little bit more closely,
I think we’d be much better off.” (P14)

Instead of serving as compliance-oriented memory aids, intended to facilitate a sequence of discrete
technical actions to be completed by individual practitioners, checklists could prompt and guide
critical conversations between stakeholders about fairness and other concepts relating to ethics. In
particular, we found that practitioners felt that fairness checklists could empower them to raise
concerns about fairness issues that they might not otherwise feel comfortable raising. Many of them
stated that their teams’ existing development and deployment process did not include anticipating
and addressing fairness issues, and that a fairness checklist (or some other formal process relating to
fairness) would help them to focus on fairness issues both in abstract discussions at the start of a
project and in concrete discussions about specific system components, including datasets, later on.
As one participant put it, a checklist could “force the articulation of many of the things embedded in
here [points to checklist]. But we don’t do that as a matter of course” (P12). Others echoed the value of
a checklist in “making people stop to think” (P25), saying that teams “should be forced to have that
conversation” (P5). In this way, fairness checklists can serve as “values levers” [30, 31] in enabling and
structuring conversations about fairness throughout the development and deployment process.
We found that although practitioners with more experience in areas adjacent to value-sensitive
design, such as user researchers, may be best able to support work relating to fairness issues, they are
not typically empowered to raise these issues or to ensure that other team members work to address
them. Meanwhile, although the data scientists and ML engineers with whom they work are “aware that
they need to be thinking about” fairness (P25), many feel it is not their responsibility or beyond their
expertise, perhaps as a result of their training, professional identity, or organizational role (cf. [24, 29]).
Indicative of this reticence, one participant suggested that fairness checklists could “make it less taboo
within engineering teams” to talk about fairness (P7). As illustrated by the quote in the sidebar, another
participant, a user researcher, noted that their teams’ efforts were not as effective as they could be
because the user researchers were “fighting for a seat at the table” (P14). Other participants shared
that even on teams with closer connections between engineering, user research, and business, team
members do not collaborate on anticipating and addressing fairness issues. Nonetheless, we found that
practitioners wanted this work to be collaborative, stressing the importance of collaboration in ensuring
mutual accountability and buy-in. Practitioners also noted the need for diverse perspectives and
skillsets when engaging with sociotechnical concepts like fairness. In their work on the collaborative,
negotiated, and contextual nature of the development and deployment of AI systems, Passi and Sengers
call for orienting towards the organizational dynamics that shape those collaboration processes [27].
Rather than laying out a sequence of discrete technical actions known to address specific fairness
issues, checklists could be used to prompt teams to come together at crucial points during the
development and deployment process to collaboratively anticipate and address fairness issues. This
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“To make good AI products, you need
data scientists and AI groups that will
push things in one direction. And you
also need UX people to tell the user story
and say ‘No’ and push back... So these
are very healthy checks and balances,
but these are hard conversations.” (P8)

framing draws inspiration from the way that checklists are used within the construction industry
to prompt and guide critical conversations between stakeholders [10, 13, 28]. Some participants made
analogies to accessibility, noting that their teams reviewed the accessibility of their systems at predetermined intervals prior to shipping but did not have analogous reviews for fairness. Conversations
about fairness could take place at regularly scheduled product review meetings, with a focus on
anticipating fairness issues, or as needed when team members identify fairness issues that need to be
addressed. Practitioners speculated that fairness checklists could prompt team members to “say that
we need to have a milestone review” (P4). Alternatively, as one participant shared, fairness checklists
could help data scientists and ML engineers to “already be thinking about ‘Oh, I need to make sure that
I’m looking for certain characteristics in the data that may be unfair’, flagging it and then sharing that in the
scrum meeting with the team when we have a standup” (P13). This use of checklists is similar to the role
that checklists play in the construction industry, where they have enabled “workers to be empowered
to ‘stop the production line”’ [10], and in healthcare, where they have “opened lines of communication
and given voice to multiple members of the surgical team” [36], including nurses and surgeons in
the operating room [13, 21]. Even in the technology industry, interdisciplinary conversations during
development and deployment process are often sites of intervention for value-sensitive design work,
as evidenced by Judgment Call [1], Envisioning Cards [11], and more [12, 37, 38]. As one participant
shared (see quote in the sidebar), disagreement around ethical concepts may be healthy, but “these
are hard conversations,” and without a framework to enable them, they may not happen on their own.
Fairness and other concepts relating to ethics are situated within particular sociocultural contexts
and are therefore often contested. As a result, no checklist can or should play the role of guarding
against every possible fairness issue. Indeed, fairness issues are hard to anticipate, and people may disagree about whether particular system behaviors are unfair or not. Many existing checklists intended to
help teams anticipate and address ethical issues (e.g., [3, 7, 9, 16, 18, 22, 34]) appear to draw inspiration
from checklists in software development, often framing the ethical development and deployment of AI
systems as a sequence of discrete technical actions [2, 4, 8, 14, 35]. We argue that a more relevant source
of inspiration might be the construction industry, where checklists serve as tools to prompt and guide
critical conversations between stakeholders. When framed in this way, fairness checklists could introduce good friction into the development and deployment process, empower practitioners to raise concerns about fairness issues that they might not otherwise feel comfortable raising, and serve as “values
levers” in enabling and structuring conversations about fairness that might not otherwise take place.
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